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Abstract: As the core problem for cloud computing, especially the appropriate distribution of resources in heterogeneous envi-
ronment, job scheduling algorithm has turned to be one of the current research focuses. This paper introduced swarm intelli-
gence algorithm on the basis of the analysis on the default and improved Hadoop job scheduling algorithm, and proposed a new
Hadoop job scheduling algorithm based on the improved artificial fish swarm algorithm. It encoded the allocated tasks by ran-
dom key approach first, with the total execution time of the tasks as heuristic information ,and then improved AFSA by introdu-
cing devouring and jumping behavior, last applies improved AFSA to Hadeop job scheduling algorithm in order to achieve fur-
ther performance. The experimental results show that the improved AFSA in heterogeneous environments can improve system
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performance and reduce the computing time.
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